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Figure 1: Relationship between Occupational Characteristics and Exposure to Generative AI 
Note: The figures plot the relationship between median salary, required education-level, and relative weight of 
creative abilities (x-axis) and occupational exposure to advances in language modeling or image generation (y-axis). 
Occupations are grouped into 20 equal-sized bins based on their x-axis value. Data on median salary at the 
occupation-level comes from 2021 Bureau of Labor Statistics’ estimates. Data for required level of education is 
constructed as the weighted average of required education reported across an occupation. Data for the presence of 
creative abilities is constructed as the relative weight of the two creativity-oriented abilities (originality and category 
flexibility) amongst the portfolio of the 52 abilities O*NET uses to characterize occupations. This analysis excludes 
any occupations for which we lack data on salary, required level of education, or creative abilities, respectively. 
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Figure 2: Relationship between Demographic Representation and Exposure to Generative AI 
Note: The figures plot the relationship between demographic representation, calculated as the percent of 
occupational employment within a demographic group (x-axis) and occupational exposure to advances in language 
modeling or image generation (y-axis). Occupations are grouped into 20 equal-sized bins based on their x-axis 
value. Data on demographic representation comes from the 2021 ACS five-year estimates provided by IPUMS. This 
analysis includes 326 occupations for which we are able to construct values of demographic representation.  
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Rank 
SOC 
Code Occupation Title 

Language 
Modeling 

AIOE 

1 41-9041 Telemarketers 1.926 

2 25-1123 English Language and Literature Teachers, Postsecondary 1.857 

3 25-1124 Foreign Language and Literature Teachers, Postsecondary 1.814 

4 25-1125 History Teachers, Postsecondary 1.813 

5 25-1112 Law Teachers, Postsecondary 1.802 

6 25-1126 Philosophy and Religion Teachers, Postsecondary 1.800 

7 25-1067 Sociology Teachers, Postsecondary 1.770 

8 25-1065 Political Science Teachers, Postsecondary 1.770 

9 25-1111 Criminal Justice and Law Enforcement Teachers, Postsecondary 1.754 

10 19-3041 Sociologists 1.747 

11 25-1113 Social Work Teachers, Postsecondary 1.739 

12 25-1066 Psychology Teachers, Postsecondary 1.716 

13 25-1122 Communications Teachers, Postsecondary 1.702 

14 19-3094 Political Scientists 1.687 

15 25-1062 Area, Ethnic, and Cultural Studies Teachers, Postsecondary 1.669 

16 23-1022 Arbitrators, Mediators, and Conciliators 1.647 

17 23-1023 Judges, Magistrate Judges, and Magistrates 1.646 

18 25-1064 Geography Teachers, Postsecondary 1.629 

19 25-1082 Library Science Teachers, Postsecondary 1.626 

20 19-3031 Clinical, Counseling, and School Psychologists 1.626 

21 25-1081 Education Teachers, Postsecondary 1.624 

22 25-1011 Business Teachers, Postsecondary 1.618 

23 25-1053 Environmental Science Teachers, Postsecondary 1.603 

24 43-3061 Procurement Clerks 1.590 

25 25-1043 Forestry and Conservation Science Teachers, Postsecondary 1.563 

26 13-1071 Human Resources Specialists 1.557 

27 13-1111 Management Analysts 1.548 

28 23-1021 Administrative Law Judges, Adjudicators, and Hearing Officers 1.547 

29 43-4041 Credit Authorizers, Checkers, and Clerks 1.546 

30 11-9033 Education Administrators, Postsecondary 1.545 

31 21-1014 Mental Health Counselors 1.537 
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Students Are Using AI—But How?
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12 specific human capacities and behaviors: 
Details and select experts’ thoughts on likely human change by 2035 
 

 
 
The 301 respondents who answered the quantitative questions in this study were asked to predict 
for each of 12 capacities and behaviors whether the overall change for humans by 2035 will be 
mostly positive, mostly negative, fairly evenly positive and negative, or little to none.  
 

They were asked: How is the coming Humanity-Plus-AI future likely to affect the following 
key aspects of humans’ capacity and behavior by 2035 as compared to when humans were 
not operaEng with advanced AI tools?   

  
Below, we share full sections outlining the full quantitative results for each of the 12 categories, 
along with related comments from several of the experts. The experts’ comments are brief excerpts 
from their longer responses to this study’s overarching essay question about what it will be like to 
be human in 2035. The numbering on each section is for ease of reading; it doesn’t represent any 
particular “ranking.” 
  

Source: Janna Anderson, Lee Rainie. “Expert Views on the Impact of AI on the Essence of Being Human.” Elon University’s Imagining the Digital Future Center. April 2, 2025. 


